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The Double-Edged Sword:

How Women's Financial Inclusion Affects Intimate Partner Violence in India

Abstract

We empirically examine the causal impact of women's financial inclusion on their
exposure to Intimate Partner Violence (IPV) in India using data from the fifth round of
the National Family Health Survey. However, establishing a causal link between
women's financial inclusion and IPV is challenging due to unobserved confounders and
reverse causality. To overcome these obstacles, we adopt a nonparametric bounds
approach. We find robust evidence that women's financial inclusion significantly
increases their exposure to IPV by at least 7.8 percentage points. We provide suggestive
evidence that this result arises because women's financial inclusion is likely to disrupt
patriarchal beliefs about gender roles, lead to female guilt, and increase husbands' use
of IPV for instrumental reasons. Our findings suggest that empowering women
financially, while crucial, may inadvertently increase their vulnerability to IPV unless
such initiatives are paired with efforts to shift underlying cultural norms surrounding

gender.

JEL Classification numbers: J12, J16, O12

Keywords: Intimate Partner Violence, Financial Inclusion, Partial Identification,
India.



1. Introduction

Intimate partner violence (IPV), defined as "any behavior within an intimate relationship that
causes physical, psychological, or sexual harm to those in the relationship,” is the most
pervasive form of violence perpetrated by men against women (WHO, 2021). The World
Health Organization (WHO) claims IPV to be a global ‘hidden pandemic,” affecting around
30% of women worldwide (Garcia-Moreno et al., 2006). IPV can lead to a range of severe
consequences for women, including physical injuries, mental depression, reproductive health
issues, and increased risk of homicide or suicide (Campbell, 2002; Ellsberg et al., 2008). The
economic burden of IPV extends beyond the immediate suffering of victims, encompassing
significant expenditures on medical care, lost productivity, judicial processes, and the monetary
loss associated with the incarceration of offenders (Lomborg & Williams, 2018; Peterson et
al., 2018). Fearon & Hoeffler (2014) estimate the global costs of IPV at approximately USD
4.4 trillion.

Given the significant socioeconomic costs of IPV, considerable attention has been devoted to
understanding its underlying drivers. Over the past decade, a growing body of research has
examined how factors commonly viewed as contributors to women's empowerment impact
IPV. These include education (Akyol & Kirdar, 2022; Erten & Keskin, 2018; Weitzman, 2018),
labor force participation (Alonso-Borrego & Carrasco, 2017; Anderberg et al., 2016; Dhanaraj
& Mahambare, 2022; Erten & Keskin, 2021; Tur-Prats, 2021), cash transfers (Bobonis et al.,
2013; Hidrobo & Fernald, 2013), access to financial services (Bhukta et al., 2025), and
improvements in intra-household bargaining power (Yilmaz, 2018) among others. The findings
indicate that while some of these factors reduce IPV, others may inadvertently increase the risk

of violence, reflecting the complex and context-specific nature of this relationship.

In this paper, we contribute to this growing body of literature by empirically examining the
relationship between women's financial inclusion and IPV—an area that remains relatively
underexplored. Specifically, we investigate whether financial inclusion—a potentially
important driver of women's empowerment—mitigates or exacerbates the risk of IPV. The
World Bank (2023) defines financial inclusion as access to and the regular use of a range of
financial products and services, including credit, savings, payments, and insurance, delivered
in a responsible and sustainable manner. It is recognized as a critical tool for advancing
women’s economic empowerment by enhancing their control over financial resources,

facilitating savings, and improving their ability to manage risks and invest in their well-being
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(Swamy, 2014; Yang et al., 2022). We focus on India, where the prevalence of IPV remains
alarmingly high. As per the fifth round of the National Family Health Survey (NFHS 2019-
21),! nearly one in three ever-married women aged 18—49 in India report experiencing physical,

sexual, or emotional violence from their husbands.

The relationship between women’s financial inclusion and IPV is theoretically ambiguous.
Drawing on intrahousehold bargaining models (Farmer & Tiefenthaler, 1997; Tauchen et al.,
1991), increased financial inclusion can strengthen women’s bargaining power and reduce IPV.
As women gain access to financial resources, the implicit cost of violence rises—partners must
compensate more to maintain the status quo—creating an incentive for men to reduce violence
(Roychowdhury & Dhamija, 2022). Financial inclusion also improves women’s exit options
by providing economic independence (Bonilla et al., 2017) and can bolster household
economic security, thereby reducing stress-induced conflicts that may trigger violence
(Hidrobo et al., 2016; Roy et al., 2019).

However, financial inclusion may also increase IPV if it disrupts traditional gender norms that
define men as breadwinners and women as caregivers (Eagly & Wood, 2016; Dhanaraj &
Mahambare, 2022). Economic empowerment may provoke backlash from male partners who
perceive it as a threat to their identity and authority within the household (Jewkes, 2002). This
dynamic aligns with social identity theory, which posits that violating prescribed gender roles
can carry social costs (Akerlof & Kranton, 2000, 2010). Further, women’s own internalization
of these norms may lead to feelings of guilt—what Dhanaraj & Mahambare (2022) term the
"female-guilt" channel—prompting them to tolerate violence as a form of overcompensation.
Instrumental theories of violence (Bloch & Rao, 2002; Eswaran & Malhotra, 2011) also suggest
that men may use violence strategically—to extract resources or limit women’s labor market
participation. Taken together, these opposing channels highlight the complex and context-

specific nature of the relationship between financial inclusion and IPV.

We use the data from the fifth round of NFHS that was conducted between 2019-21. It is a
widely used nationwide survey and provides detailed information on women's exposure to IPV,
socioeconomic characteristics, utilization of financial services, health, etc. We focus on four

types of IPV: physical, sexual, emotional, and any IPV. We construct our variable of interest

NFHS is a part of the Demographic and Health Surveys (DHS) programs.
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(or treatment variable), women's financial inclusion, using information on women's utilization

of bank accounts, mobile money, and health insurance coverage.

Identifying the causal impact of women's financial inclusion on their exposure to IPV is
challenging due to the non-random distribution of utilization of financial instruments within
the population. Even after accounting for observable characteristics available in the data, there
may be significant unobserved confounders, such as patriarchal social structures, women's
unobserved abilities, confidence, etc., that correlated with financial inclusion and IPV
exposure. Additionally, the possibility of reverse causality, where women's exposure to IPV
influences their likelihood of financial inclusion, further complicates the causal identification

of women's financial inclusion on their exposure to IPV.

To address the identification challenge, we use a nonparametric partial identification method
(Manski, 1995; Manski & Pepper, 2000; Pepper, 2000)2. Tamer (2010) highlights the
significance of the nonparametric partial identification approach in econometric models and
acknowledges that identification is not a binary concept. Even when models do not provide
point identification of parameters of interest, they still offer valuable information about these
parameters and allow a meaningful inference within identified bounds (Tamer, 2010). The
nonparametric partial identification approach enables us to estimate sharp bounds on the
average treatment effect (ATE) of women's financial inclusion on their exposure to IPV,

accounting for the non-random distribution of women's utilization of financial instruments.

Unlike traditional causal methods like instrumental variables (IV), which depend on stronger
assumptions, the nonparametric partial identification approach uses weaker (nonparametric)
assumptions. Consequently, this approach yields bounds on the ATE instead of obtaining point
estimates. These bounds, however, provide valuable insights into what can be inferred under
different assumptions about the nature of the selection process. Tamer (2010) summarizes the
advantages of this approach: "This partial identification approach favors the principle that
inference— and conclusions and actions— based on empirical models with fewer suspect
assumptions is more robust, hence more sensible and believable. Stronger assumptions will

lead to more information about a parameter, but less credible inferences can be conducted."

2 For notable extensions and applications of this method, see Acerenza (2024), Cygan-Rehm et al.
(2017), de Haan (2011), Gundersen et al. (2012), Gundersen & Kreider (2008, 2009), Huber & Mellace
(2015), Kreider & Pepper (2007, 2008), Mariotti & Meinecke (2015), Millimet & Roy (2015), Molinari
(2008), and Roychowdhury & Dhamija (2022, 2024).
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Our results are compelling. Based on reasonably weak assumptions regarding the selection
process, we find that the bounds on the ATE of women's financial inclusion on their exposure
to IPV are strictly positive and statistically significant, indicating that women's financial
inclusion increases their likelihood of facing IPV. Specifically, our analysis shows that a
woman who is financially included is at least 7.8 percentage points more likely to experience

at least one form of IPV than a woman who is not financially included.

Further, we provide suggestive evidence that these results are driven by three key mechanisms:
male backlash due to violation of gender norms, female guilt, and the instrumental use of
violence by husbands. Specifically, financially included women are more likely to challenge
traditional patriarchal expectations about gender roles, which can provoke male backlash. This
backlash may manifest as increased IPV, as men attempt to reassert dominance in response to
shifting power dynamics. Additionally, financially included women may experience guilt for
not conforming to socially prescribed gender identities, which could make them more
susceptible to coercion and control. Lastly, husbands may strategically use violence to
undermine their wives' labor market participation, reinforcing their economic dependence and

maintaining household power structures.

Our findings highlight that policies seeking to empower women, such as initiatives promoting
financial inclusion, may have unintended consequences. These policies might inadvertently
increase women's vulnerability to IPV. While these results do not advocate for the
abandonment of such initiatives, they underscore the need for complementary measures to
address IPV effectively. Policies aiming to empower women must be complemented with well-
designed interventions to shift entrenched gender norms and beliefs and their influence on
men's and women's attitudes. While it is widely acknowledged that gender norms are resistant
to change, recent research highlights the potential of policy measures and nudges that have an
impact on attitudes towards IPV and gender biases. For instance, exposure to entertainment
television (Banerjee et al., 2019), engaging adolescent girls and boys in classroom discussions
about gender equality (Dhar et al., 2022), or providing opportunities for them to interact with
female role models (Kipchumba et al., 2021), are highly effective strategies.

The rest of the paper is organized as follows. Section 2 presents a brief review of the existing
literature. Section 3 describes the financial situation in India and the conceptual framework.
Sections 4 and 5 discuss the data and the empirical framework, respectively. The last section

concludes.



2. Literature Review

Our study contributes to the burgeoning literature that looks at the relationship between
women’s financial inclusion and their exposure to IPV. Important studies in this literature
include Bhukta et al., (2025), McDougal et al., (2019), and Raj et al., (2018). The findings of
this literature have been largely mixed. For example, through their longitudinal study in
Maharashtra, Raj et al. (2018), identify a negative association between women’s bank account
ownership and IPV. Similarly, Bhukta et al. (2025) provide evidence that financial inclusion
through banking expansion has led to reduced dowry-related deaths and cruelty by husbands.
On the other hand, a multi-country study finds that women’s bank account ownership or mobile
money usage in low and middle-income countries increases their risk of facing IPV (McDougal
etal., 2019).

Among these studies our work is most closely related to Bhukta et al. (2025). Their study
provides valuable insights into how banking expansion, driven by the Reserve Bank of India’s
2005 policy, impacts dowry-related deaths and cruelty against women in India. Using a
rigorous fuzzy regression discontinuity design (RDD), they show that banking expansion leads

to a reduction in these forms of violence.

Our study complements this important contribution but differs in several key respects. First,
while Bhukta et al. (2025) focus on the effects of banking expansion, we measure women’s
financial inclusion more broadly. Specifically, we incorporate not only utilisation of formal
banking services but also women’s use of digital financial services such as mobile money and
coverage under health insurance schemes. This approach likely captures a more comprehensive
view of women’s engagement with the formal financial system. Second, while Bhukta et al.
(2025) rely on administrative crime data from the National Crime Records Bureau (NCRB)
and examine aggregate measures of violence—such as dowry-related deaths and reported cases
of cruelty by husbands or their relatives—our study uses self-reported microdata from the
National Family Health Survey (NFHS). This enables us to study IPV in a more nuanced
manner, focusing specifically on physical, sexual, and emotional violence perpetrated by
husbands. Given the well-documented issue of underreporting in administrative data (Dandona
et al., 2022), particularly in contexts where women may face significant barriers to reporting
(Erten & Keskin, 2018), we believe our approach allows us to capture a broader and potentially



more representative range of IPV experiences. Notably, data constraints prevent Bhukta et al.
(2025) from examining sexual and emotional IPV—both critical and pervasive forms of

violence—an aspect our study is able to address.

Our identification strategies also differ. While Bhukta et al. (2025) employ a fuzzy RDD design
leveraging policy-driven variation in banking expansion, we adopt a nonparametric partial
identification approach. Although our methodology does not point identify the average
treatment effect (ATE), it allows us to estimate sharp bounds on the ATE under transparent
assumptions. Finally, our findings speak to a different dimension of the relationship between
financial inclusion and IPV. While Bhukta et al. (2025) emphasize the protective role of
banking expansion in reducing certain forms of violence against women, our study highlights
the complex nature of this relationship. Specifically, we provide causal evidence that, while
financial inclusion may empower women, it can also—through mechanisms such as challenges
to traditional gender norms, feelings of guilt, and the instrumental use of violence by

husbands—inadvertently increase women’s vulnerability to IPV.

Our work also has links to the literature that looks at the effect of women's financial inclusion
on their economic well-being measured along various dimensions, including their labor force
participation (Zelu et al., 2024), entrepreneurship opportunities (Yang et al., 2022), and income
levels (Swamy, 2014). Additionally, our study contributes to the literature on the economics of
households that show the adverse outcomes of the women's deviation from their traditional
gender identities of “housework and caregiving.” Rocca et al. (2009) in their study, find women
engaged in income-generating activities are considered to be violating traditional gender
identities of being homemakers and caregivers. Mogford (2011) finds that women's increased
status in the public domain is seen as a threat to the husband's masculinity. In contrast, women's
status in the domestic realm is more acceptable, where they can be supervised and controlled.
Similarly, women in service sectors tend to face more male backlash from their husbands
because of their menial jobs where they have to come out of their homes to meet other men
and independent women at the workplace, which makes men feel more insecure (lregui-
Bohérquez et al., 2019).

Finally, our study is related to the broader literature on determinants of IPV. This literature has
focused on several determinants including education (Erten & Keskin, 2018; Weitzman, 2018),
employment (Erten & Keskin, 2021; Dhanaraj & Mahambare, 2022), gender wage gap (Aizer,

2010), divorce laws (Stevenson & Wolfers, 2006), culture and social norms (Gonzalez &
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Rodriguez-Planas, 2020; Tur-Prats, 2021), attitudes justifying IPV (Mookerjee et al., 2021),
gender ratios (Amaral & Bhalotra, 2017), marriage type (Roychowdhury & Dhamija, 2022),
age at marriage (Roychowdhury & Dhamija, 2021), decision to use contraception (Ojha &
Babbar, 2024), urbanization (Dhamija et al., 2025), electrification (Bhukta et al., 2024), sports
(Dickson et al., 2016), and historical factors (Guarnieri & Rainer, 2021).

3. Background

3.1. Financial Inclusion in India

Financial access and inclusion are related yet distinct concepts within the broader financial
ecosystem. Financial access refers to an individual's legal right, eligibility, and capacity to
open, afford, and sustain the use of financial products and services such as banking, savings,
credit, loans, and insurance (Birkenmaier et al., 2019). In contrast, financial inclusion extends
beyond access by emphasizing the actual utilization of financial services. For instance,
(Demirguc-Kunt et al., 2017) define financial inclusion as both access to and active use of
financial products. It further highlights that mere access does not necessarily translate into
meaningful financial participation if the services remain underutilized. Over the years, financial
inclusion has gained widespread recognition for its critical role in boosting social, economic,
and sustainable development (World Bank, 2014).

Globally, substantial progress has been made in expanding financial inclusion. According to
the World Bank (2023), the percentage of adults with a bank account increased from 51% in
2011 to 76% in 2021. In developing countries, bank account ownership increased by eight
percentage points from 2017 to 2021. It is partly driven by the widespread adoption of digital
financial services through mobile phones. Despite this progress, a persistent gender gap
remains, with women in low-income countries being 6% less likely than men to have a bank

account (Demirguc-Kunt et al., 2022).

The Reserve Bank of India (RBI) has implemented numerous policies over the last two decades
to promote financial inclusion nationwide by increasing bank penetration, digital financial
services, credit access, and health insurance coverage. One of the landmark initiatives is the
Pradhan Mantri Jan-Dhan Yojana (PMJDY), launched in 2014, which aimed to provide zero-
balance bank accounts to millions of unbanked citizens (Ghosh, 2024). A decade after its

implementation, the PMJDY has facilitated the opening of over 0.5 billion bank accounts, with
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women owning 60% of these accounts (The Economic Times, 2024). Bank account ownership
among women in India has seen a remarkable rise, increasing from 26 percent in 2011 to 78
percent in 2021 (The Economic Times, 2024). Women are actively utilizing their PMJDY
accounts to access transfers provided through various government initiatives (Ajayan, 2023).
Apart from PMJDY, the 'Unified Payments Interface (UPI) for Her' initiative has played a
pivotal role in enhancing women's digital financial service accessibility (NPCI & WWB, 2024).

Approximately 30% of women utilize UPI for financial transactions (Gaur, 2023).

Health insurance is vital in reducing out-of-pocket healthcare expenditures and is a crucial
financial tool against medical emergencies. According to NFHS-5 (2019-21), 29.8% of women
aged 15-49 and 33.9% of men aged 15-54 are covered under a health insurance scheme. Among
women with health insurance, 48.8% are covered under a state health insurance scheme, and
16.4% are covered under Rashtriya Swasthya Bima Yojana (RSBY). Around 3-6% of women
are covered under the Employee State Insurance Scheme (ESIS) or the Central Government
Health Scheme (CGHS). Additionally, around 1-2% of women utilize health insurance through
their employers, community-based programs, or privately purchasing commercial health
insurance (1IPS & ICF, 2022).

3.2. Financial Inclusion and IPV

According to the theories of intrahousehold bargaining (Farmer & Tiefenthaler, 1997; Tauchen
et al.,, 1991), women's financial inclusion can reduce their probability of facing IPV by
increasing their bargaining power within the household. These theories assume that IPV may
persist because women receive compensatory transfers from their partners in exchange for
tolerating violence. As women's economic status increases due to financial inclusion
(Holloway et al., 2017), the implicit cost of violence rises because they demand larger transfers
to endure the same level of violence. As men anticipate this increased cost, they are
incentivized to reduce the level of violence within the relationship or risk its dissolution.
(Roychowdhury & Dhamija, 2022). Moreover, financial inclusion can strengthen a woman's
exit options by providing her with the resources to support herself outside the relationship
(Bonilla et al., 2017) and enabling her to leave or present a credible threat to do so. Women's
financial inclusion can also bolster the household's economic security (Hidrobo et al., 2016;
Roy et al., 2019), reducing stress and potential conflicts that may lead to IPV (Buller et al.,
2016).
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On the contrary, women's financial inclusion can increase the risk of IPV if it is perceived as a
challenge to traditional gender norms (McDougal et al., 2019), which assign "household chores
and caregiving™ as women's primary responsibilities (Eagly & Wood, 2016) and "breadwinner
and provider for the family" as men's responsibility (Dhanaraj & Mahambare, 2022). This shift
in economic dynamics may provoke a male backlash from partners who view women's
financial autonomy as a threat to established gender identities and roles within the household
(Jewkes, 2002; Weitzman, 2014). This line of argument aligns with Akerlof & Kranton's (2000,
2010) seminal work on the influence of social identity on economic outcomes. Akerlof &
Kranton (2000) propose that individuals inherently belong to specific social categories and
carry associated behavioral prescriptions. Deviation from these prescribed behaviors may incur
significant social costs, as such violations can diminish the perceived value of others' social
identity. In the context of this study, the relevant social categories are "man™ and "woman,"

each associated with distinct behavioral norms and expectations.

Women's financial inclusion may inadvertently increase the risk of IPV by eliciting feelings of
guilt among women who perceive their economic empowerment as a deviation from traditional
gender norms. In Indian society, where caregiving and household responsibilities are
considered a woman's primary roles (Eagly & Wood, 2016), financial inclusion can create
internal conflicts, leading women to overcompensate for their perceived transgressions. This
overcompensation may manifest as greater tolerance of violence from their partners as women
attempt to "make up™ for their financial autonomy by conforming to other patriarchal
expectations. Dhanaraj & Mahambare (2022) describe this phenomenon as the "female-guilt"

channel.

Additionally, women's financial inclusion could also increase IPV for instrumental reasons.
The instrumental theories of violence (Anderberg & Rainer, 2013; Eswaran & Malhotra, 2011)
provide an explanatory framework suggesting that men may resort to violence as a means of
extracting financial resources from their partners (Bloch & Rao, 2002) or as a strategy to
undermine their wives' labor market opportunities. The latter may stem from feelings of
jealousy or insecurity regarding the potential interactions of their wives with other men in the
workplace (Anderberg & Rainer, 2013; Eswaran & Malhotra, 2011). These theories postulate
that financial inclusion for women—characterized by improved access to income-generating

opportunities, credit, and savings—could inadvertently elevate their susceptibility to IPV.
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Thus, the impact of women's financial inclusion on IPV remains theoretically unclear. On the
one hand, financial inclusion may reduce IPV by enhancing women's bargaining power within
the household and the household's economic security. On the other hand, it may exacerbate
IPV due to violation of established gender norms, feelings of guilt among women, and

husbands' instrumental use of IPV.
4, Data

Our analysis utilizes data from the fifth round of the National Family Health Survey (NFHS-
5) conducted in India between June 2019 and April 2021. The NFHS is a nationally
representative demographic and health survey that provides comprehensive information on
population demographics, health, and nutrition across the country. Conducted by the
International Institute for Population Sciences (1IPS), Mumbai, under the Ministry of Health
and Family Welfare (MoHFW), Government of India, it forms a part of the global
Demographic and Health Survey (DHS) program.® The NFHS-5 covered 636,669 households
from 707 districts in 28 states and 8 union territories of India. The sample was drawn using

stratified random sampling (refer to 11PS & ICF (2022) for details on the survey methodology).

The NFHS-5 administered separate questionnaires to collect data from eligible women aged
15-49 and eligible men aged 15-54 in the sampled households. The questionnaires collected
information on a wide range of topics, including background characteristics, reproduction,
husband's background, women's empowerment, and domestic violence. However, questions on
specific topics, including sexual behavior, domestic violence, and attitudes, were administered
only to a subset of eligible women from households selected for the state module.* Following
World Health Organization guidelines for the ethical collection of domestic violence data, only
one eligible woman per household was randomly selected for participation. The domestic

violence module was administered to 72,320 women, ensuring their privacy during the survey.

Using the broad classification of the types of IPV from the NFHS data, we categorise women's
exposure to IPV into three categories: physical, sexual, and emotional. Table Al provides a

detailed categorization of the various acts of violence classified under each type of IPV. Each

3 NFHS data is publicly accessible through the DHS website. See
https://dhsprogram.com/Countries/Country-Main.cfm?ctry

* A subsample comprising 15 percent of households was selected from the district sample for the
implementation of the state module. Indicators included in the state module provide estimates at the
state level (1IPS & ICF, 2022).
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category of IPV is represented by a binary variable that takes a value of one if a woman reports
experiencing at least one kind of underlying act of violence in the last twelve months and zero
otherwise. We construct an additional indicator, any IPV, which takes a value of one if a
woman reports experiencing at least one of the three types of IPV and zero otherwise. These

indicators form the core set of outcome variables in our study.

The treatment variable, women's financial inclusion, is measured using a binary indicator based
on women's utilization of financial services. Specifically, the treatment variable takes a value
of one if a woman has at least one of the following: a bank account that she uses, a mobile
phone that she uses for financial transactions, and is covered by health insurance. Otherwise,

the variable takes a value of zero.

In addition to information on financial inclusion and types of IPV, we also incorporate data on
state-level literacy rates and Gross State Domestic Product (GSDP) per capita, which are used
as Monotone Instrument Variables (MIVs). Since this information is unavailable in the NFHS,
we obtain state-level literacy rates from the Indian Census of 2011 and GSDP per capita (for
2018-19, measured at 2011-12 constant prices) from the directorate of economics and statistics

of respective state governments.

Table 1 presents the summary statistics of all the variables used in the analysis and some
background characteristics. Our analytical sample consists of 60,480 currently married women
with non-missing and valid information on different categories of IPV and their financial
inclusion status (Figure Al). Among these women, 22% have reported exposure to physical
IPV, 5% have reported sexual IPV, 11.6% have reported emotional IPV, and 26% have
reported exposure to any form of IPV in the past twelve months. The percentage of women
who have a bank account that they use for themselves is 79.5%, those who possess and use a
mobile phone for financial transactions is 10.5%, and those who are covered by health
insurance is 30.9%. Overall, 84.6% of women are classified as financially included based on
these three financial instruments. On average, women in our analytical sample are 34 years old
and completed 6.7 years of schooling. The average age at marriage and number of living
children are 18.5 years and 2.2, respectively. Around 30.22% of women report joint ownership
of property, while 15.17% report sole ownership. Based on the household wealth index, 38.5%
of women belong to the bottom two quintiles. Around 79% of women are Hindus, 71.7% are

from backward social groups such as scheduled caste (SC), scheduled tribe (ST), and other
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backward classes (OBC), 69.7% reside in rural areas, and 59.7% reside in southern, eastern or

north-eastern states.

5. Empirical Framework

We focus on the partial identification of the ATE to examine the causal relationship between
women's financial inclusion and their exposure to IPV. The ATE captures the impact of
women's financial inclusion on IPV experienced by a randomly chosen woman from the entire

population. We define the conditional ATE as follows:
ATE(L,0|XeQ)=P[Y(Q)=1XeQ]-P[Y(0)=1XeQ] (1)

where Y represents the realized IPV outcome (which is binary in nature), Y (1) denotes the
potential IPV faced by a woman if the woman was financially included, Y (0) denotes the
corresponding outcome if the same woman was financially excluded, and X € Q denotes the
observed covariates whose values lie in the set Q. Y = 1 represents that the woman has
experienced IPV in the last 12 months, and Y = 0 otherwise. Thus, the ATE indicates the
difference in the average likelihood of facing IPV if all women were financially included
compared to the average likelihood of facing IPV if all these women were financially excluded.

To simplify the notation, we suppress the conditioning on subpopulations of interest captured
in X (X € Q). In the traditional regression framework, researchers aim to "correctly” choose a
set of control variables to ensure the exogeneity of the treatment variable. This approach often
results in a considerable debate about omitting "important” confounding variables. In our
approach, however, conditioning on the covariates only helps to define the subpopulations of
interest as there are no regression orthogonality conditions to be satisfied (since we are not
estimating a regression model). Regardless of how the subpopulations are specified, the
problem remains well-defined (Pepper, 2000).

While evaluating the causal effect of women's financial inclusion on IPV, the primary
identification problem lies in the counterfactual nature of potential outcomes. Specifically, the
potential outcome Y (1) is (unobserved) counterfactual for all women who are financially
excluded, while Y (0) is (unobserved) counterfactual for all women who are financially

included. This is known as the selection problem; only one of two potential outcomes is
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observed for any woman. We further explain this identification problem by the Law of Total
Probability:

PIY (1) =1]=P[Y () = YF =1]P(F=1) + P[Y () = F = 0]P(F=0)  (2)
P[Y (0) = 1] = P[Y (0) = 1JF = 1JP(F = 1) + P[Y (0) = 1|F = 0]P(F=0)  (3)

where F = 1 signifies that a woman is financially included, and F = 0 otherwise. Through the
sampling process, we can identify P(F = 1), P(F = 0) and the conditional probability P[Y (1) =
1|F = 1] in (2). However, the probability, P[Y (1) = 1|F = 0], remains unidentifiable based on
the observed data. Therefore, P[Y (1) = 1] cannot be point-identified by the sampling process
alone. Without additional information, this value could lie between 0 and 1. A similar result
applies to P[Y (0) = 1] in (3).

Given this identification problem, we derive bounds on the ATE based on minimal and
transparent assumptions. To derive the bounds in the absence of nonparametric identification
of the ATE, we rely on various assumptions concerning the nature of the selection process, as

discussed below.

5.1. Assumption 1. No Selection Assumption

As an initial step, we estimate the bounds on the ATE of women's financial inclusion on their
exposure to IPV without imposing any assumptions to address the selection problem. Manski

(1995) refers to the bounds estimated using this approach as "worst-case bounds."

In the absence of any assumption addressing the selection into the treatment assignment, we
can only assume that the missing counterfactuals P[Y (1) =1|F=0]and P[Y (0)=1|F =1]
must lie within [0, 1] since they represent latent probabilities. Using this information on
missing counterfactuals in (2) and (3), we determine the bounds for the individual components
of the ATE, P[Y (1) = 1] and P[Y (0) = 1], as follows:

PY=LF=1)<P[Y(1)=1]<P(Y=1,F=1)+P(F=0) 4)

P(Y=1F=0)<P[Y(0)=1]< P(Y=1,F=0)+P(F=1)  (5)
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The observed data can determine each of the terms in these bounds. We can obtain a sharp
upper bound on the ATE by calculating the difference between the upper bound on P[Y (1) =
1] in (4) and the lower bound on P[Y (0) = 1] in (5). Similarly, the difference between the lower
bound on P[Y (1) = 1] and the upper bound on P[Y (0) = 1] gives the sharp lower bound on the
ATE as follows:

UBae =P(Y=1,F=1)+P(F=0)-P(Y=1,F=0)  (6)

LBare=P(Y=1,F=1)-P(Y=1,F=0)-P(F=1)  (7)

However, these bounds have a width that equals unity and includes zero. Hence, in this
scenario, we cannot identify the sign of the ATE without invoking assumptions on the selection
mechanism. To be able to make any meaningful inference and tighten the bounds on the ATE,
we assess the identifying power of two types of fairly weak monotonicity assumptions:
monotone treatment selection (MTS) and a monotone instrumental variable (MIV) restriction.

5.2. Assumption 2. Monotone Treatment Selection (MTS)

The MTS assumption (Manski & Pepper, 2000) imposes structure on the selection mechanism.
To be more precise, it assumes that the expected potential outcomes move in a particular
direction conditional on the treatment assignment (i.e., when individuals are compared across
the treatment as well as the control group). In our analysis, we assume that financially excluded
women are potentially more likely to experience IPV compared to financially included women,
conditional on the treatment assignment (i.e., holding the treatment status fixed). More

formally:

PlY(1)=1|F=1]<P[Y(1)=1|F=0] (8)
PlY(©0)=1|F=1]<P[Y(0)=1|F=0] 9)

Before delving into the justification of the MTS assumption, it is necessary to clarify an

apparent contradiction. At first glance, the MTS assumption might seem somewhat inconsistent
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with the theoretical framework proposed in Section 3.2. However, this is not the case. The
theory posits that financially included women could have a higher actual likelihood of IPV
compared to financially excluded women, owing to their differing treatment statuses (i.e.,
financial exclusion versus inclusion). This is essentially a prediction about the impact of a
change in a woman's treatment status (from financial exclusion to inclusion) on her actual
outcome (exposure to IPV). In contrast, the MTS assumption suggests that, in terms of potential
outcomes, women in the control group (financially excluded) are inherently more likely to face
IPV than their counterparts in the treatment group (financially included), holding treatment

status constant.

The MTS assumption is reasonable in our context because financially excluded women are
likely to be disadvantaged across several economic, social, and demographic characteristics
compared to financially included women. For instance, we find that financially excluded
women tend to have lower educational attainment and marry at a younger age compared to
financially included women (see Table A2 in the Appendix). These disadvantages are more
likely to leave them with lower options outside of marriage to sustain themselves and,
therefore, decrease their likelihood of leaving an abusive relationship (Erten & Keskin, 2018).
Moreover, Farmer & Tiefenthaler (1997) demonstrate that reduction in women's options
outside of marriage and their likelihood of exiting an abusive relationship is positively
associated with the exposure to IPV. Therefore, financially excluded women, conditional on

treatment status, are potentially more likely to face IPV than financially included women.

In addition to disadvantages in observed socioeconomic factors such as education and age at
marriage, financially excluded women are also likely to face significant disadvantages in
unobserved attributes. Research indicates that unobserved abilities and personality traits,
including motivation and confidence—often categorized as non-cognitive skills —are
positively associated with financial literacy (Pinjisakikool, 2017). Given that financially
excluded women tend to have lower levels of financial literacy, it is plausible that they are
similarly disadvantaged in these unobserved traits (Eckhoff et al., 2019). Importantly, lower
levels of unobserved ability are associated with a higher likelihood of experiencing IPV, as
women with these attributes may be more resistant to abusive relationships and better equipped
to navigate challenging circumstances (Cherrier et al., 2023). Hence, it is likely that

disadvantages in terms of these unobserved attributes would cause financially excluded
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women, conditional on treatment status, to be potentially more likely to face IPV than

financially included women.

Additionally, in comparison to financially included women, financially excluded women are
more likely to belong to patriarchal households (Eckhoff et al., 2019), where women's financial
inclusion contradicts societal gender norms (McDougal et al., 2019). Women coming from
such patriarchal backgrounds are more likely to face IPV because "such violence by men may
even be considered legitimate” (Sultana, 2010) in patriarchal societies. The prevalence of
patriarchal norms is likely to exacerbate women's vulnerability to IPV due to extortionary
reasons as well. Households characterized by heightened patriarchy often perpetuate the
perception of women as economic liabilities, resulting in sustained demands for monetary or
in-kind transfers even after marriage (Bloch & Rao, 2002). The literature highlights a positive
correlation between these demands and IPV exposure (Naved & Persson, 2010). Given that
financially excluded women are more likely to belong to patriarchal households than
financially included women, these two explanations also suggest that financially excluded
women, conditional on treatment status, face a significantly higher risk of IPV than their
financially included counterparts.

Under the MTS assumption, the bounds on the ATE are estimated following Manski &
Pepper (2000) and Kreider et al. (2012).

UBare=P(Y=1,F=1)-P(Y =1,F =0) + P(F = 0) (10)

P(vy=1F=1) P(Y=1F=0)

LBarte = P(F=1) P(F=0)

(11)

5.3. Assumption 3. Monotone Instrumental Variable (MIV)

Next, we use MIV to further tighten the bounds of ATE. As described by Millimet & Roy
(2015), a MIV differs fundamentally from a conventional instrumental variable. Unlike
traditional instrumental variables, a valid MIV must satisfy only one condition: that potential
outcomes exhibit monotonic variation with respect to the variable employed as the MIV
(Manski & Pepper, 2000). Formally, the MIV assumption imposes the following structure
(Kreider et al., 2012):
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PIY (1) =1|v=u] <P[Y (1) =1 v=u]<P[Y (1) =1v=u] (12)
PIY (0) =1V =u] <P[Y (0) = 1v=u] <P[Y (0) = 1v=us]  (13)

Where v represents the MIV and uy < u < u. In simpler words, lower values of v are associated

with adverse potential outcomes.

Following Roychowdhury & Dhamija (2022), we use two alternative MIVs, i.e., MIV1 as the
literacy rate and MIV2 as the gross state domestic product (GSDP) per capita (measured at
constant prices) of the woman's state of residence. High literacy rates and GSDP per capita
indicate greater economic development in the state. By fostering improved governance,
strengthening the criminal justice system, and diminishing patriarchal norms, such
development is likely to reduce the probability of IPV against women, regardless of their

financial inclusion status.

Following Proposition 1 from Manski & Pepper (2000), the joint MTS-MIV assumption
implies

sup LB(u2) <P[Y (t) =1jv=u] < inf UB(u1),t=0,1 (14)

uszu usu

where UB(u) and LB(u) represent the upper and lower bounds of the individual components of
the ATE derived under the MTS assumption assessed conditional on v = u.

In practice, we divide the sample into five roughly equally sized cells based on the MIV values.
Subsequently, for each cell, we calculate the MTS bounds for P[Y (1) = 1] and P[Y (0) = 1].
Following Corollary 1 of Proposition 1 in Manski & Pepper (2000), we derive joint MTS-MIV
bounds on the individual components of the ATE by computing weighted averages of the UB
and LB across these five cells. After obtaining bounds for the individual components of ATE
using this method, we estimate the sharp bounds of the ATE based on the MTS-MIV
assumption. Since the MIV estimator is biased in finite samples (Manski & Pepper, 2000), we
use a nonparametric finite sample bias-corrected MIV estimator (Kreider & Pepper, 2007) to
address this concern. Moreover, we report the Imbens & Manski (2004) 95% confidence
intervals along with presenting the bounds to address the uncertainty that may stem from

sampling variability (Kreider et al., 2012).
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6. Results
6.1. Main Results

The main empirical results for ATE of women's financial inclusion on their exposure to IPV
are presented in Figure 1. The results are displayed across four different graphs, each
representing a distinct category of IPV: physical, sexual, emotional, and any IPV. Each graph
reports sharp bounds on the ATE and 95% confidence intervals (Imbens & Manski 2004) based
on various assumptions about the selection process. Specifically, the ATE and confidence
intervals are reported under no selection assumption (i.e., the worst-case bounds), under the
MTS assumption, under the combined assumption of MTS and MIV1, and then under the
combined assumption of MTS and MIV2.

The following findings can be noted in Figure 1. First, without imposing any assumptions
regarding the selection process, as discussed in Section 5, the bounds have a width of one and
necessarily include zero. Under this no-selection assumption, the bounds on the ATE of
women's financial inclusion on their exposure to physical IPV are [-0.710, 0.290], on sexual
IPV are [-0.830, 0.170], and on emotional IPV are [-0.789, 0.211]. Thus, these bounds help in
excluding a considerable range of values of the ATE, especially in the positive domain.

Second, the MTS assumption helps in tightening the bounds of the ATE. The bounds obtained
under MTS are significantly narrower than the bounds obtained without any assumption
regarding the selection process. With the imposition of MTS, the bounds on the ATE of
women's financial inclusion on their exposure to physical IPV shrink from [-0.710, 0.290] to
[-0.009, 0.290]. Similarly, under MTS assumption, the bounds on the ATE of women's
financial inclusion on their exposure to sexual IPV shrink from [-0.830, 0.170] to [-0.008,
0.170], and for emotional IPV, the bounds reduce from [-0.789, 0.211] to [-0.018, 0.211]. The
MTS assumption helps tighten the bounds, but we are unable to determine the sign of the ATEs.
We cannot say whether women's financial inclusion increases or decreases their likelihood of

exposure to IPV.

Third, the imposition of the MIV restrictions, combined with the MTS assumption, helps
further tighten the bounds. For both MIV1 and MIV2 (imposed in addition to MTS), the
estimated bounds on all the ATEs are now strictly positive, with the 95% confidence interval
excluding zero. Specifically, under MIV1, the bounds on the ATE of women's financial
inclusion on their exposure to physical IPV are [0.085, 0.234], on sexual IPV are [0.019, 0.136],
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on emotional IPV are [0.029, 0.160]; and on any IPV are [0.078, 0.255]. Similar results are
observed when MIV2 is used in place of MIV1. From the MTS-MIV bounds, we can now
clearly claim that a woman's financial inclusion increases her likelihood of experiencing all

categories of IPV used in our analysis.

Overall, from our results, we can infer that women's financial inclusion significantly increases
their exposure to IPV. To explain the importance of the magnitude of this effect, we focus on
the bounds of ATE of women's financial inclusion on their exposure to any IPV under the
combined MTS-MIV assumption. Under MTS and MIV1 assumption, the bounds on the ATE
for women's financial inclusion indicate that women's use of a bank account, mobile money,
or access to health insurance increases their likelihood of exposure to any IPV by at least 7.8
percentage points (p.p.). Similarly, under MTS and MIV2, the bounds on the ATE show that
women's financial inclusion increases their exposure to any IPV by 12.4 p.p. Considering that
these figures represent only the lower bound of the actual ATE, our findings strongly imply
that women's financial inclusion results in a severe increase in IPV. This finding is broadly
consistent with those of Bulte & Lensink (2019), Dhanaraj & Mahambare (2022), and
McDougal et al. (2019), all of which suggest that an increase in women's economic autonomy

increases their risk of facing IPV.

We carry out a series of multiple checks to assess the robustness of our results (Tables A4-A8
and Figure A2). To examine the effect of women's financial inclusion on IPV across different
subsamples, we cut our analytical sample in several ways and estimate the bounds for each
subsample (Tables A10-A20). Due to the brevity of space, a detailed discussion of the

robustness checks and heterogeneity analysis is provided in the Appendix.
6.2. Mechanisms

Our results show that women's financial inclusion increases their likelihood of exposure to IPV.
In this section, we examine the potential channels through which this effect might be operating,
namely, (a) the likelihood of violating patriarchal norms about gender roles, (b) the likelihood
of women suffering from the guilt of not conforming to their traditional gender identities, and
(c) the likelihood of husbands displaying behaviors that might lead to IPV due to instrumental

use of violence.

6.2.1. Violation of Patriarchal Norms about Gender Roles
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Traditional patriarchal beliefs uphold the notion of male dominance, positioning men as the
primary breadwinners while relegating women to roles centered on childbearing, caregiving,
and economic dependency within the household (Dhanaraj & Mahambare, 2022; Eagly &
Wood, 2016). Women's use of financial instruments, such as bank accounts, mobile money,
and coverage of health insurance, could lead to the violation of patriarchal norms and
expectations regarding gender roles. This disruption can generate stress and tension among
married couples, potentially leading to an increased risk of IPV as a form of male backlash
against shifting intrahousehold power dynamics.

We explore this potential channel by estimating the ATE of women's financial inclusion on
three binary variables, each indicating whether patriarchal gender norms are violated in a
specific type of decision-making. These variables are violations of norms regarding the
purchase of large household goods, visiting relatives/family, and deciding how the wife's
earnings should be spent. Each indicator of patriarchal gender norm violation takes a value of
one if the husband reports to believe that he alone should have the final say in a particular
decision, but in reality, the decision is made by the woman alone or jointly by the husband and
woman, and zero otherwise (see Table A3 in the Appendix for the summary statistics).

Patriarchal gender norms dictate that men should be the sole decision-makers. Therefore, a
value of one for a given patriarchal norm violation variable signifies that, although the woman's
husband aims to adhere to these norms for that specific decision-making, in reality, the norm
is actually violated within the household. Conversely, a value of zero indicates either that the
husband does not intend to follow these gender norms (where the violation of norms becomes

irrelevant) or that these are not violated.

Figure 2 displays the results of the impact of women's financial inclusion on the violation of
patriarchal norms about gender roles. Our findings, derived from the combined MTS-MIV
assumptions, suggest that women's financial inclusion increases the probability of violation of
patriarchal norms about gender roles for all three decisions. Specifically, under MTS and MIV1
(MIV2) assumption, the bounds on the ATE reveal that women's financial inclusion increases
the likelihood of violation of patriarchal gender norms regarding decisions on purchase of large
household goods by at least 2.9 p.p. (3 p.p.), regarding decisions on visiting family/relatives
by at least 4.6 p.p. (5.3 p.p.), and regarding decisions on spending of wife's earnings by at least
5.1p.p. (3.1 p.p.).These findings suggest that women's financial inclusion leads to the violation
of patriarchal gender norms.
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6.2.2. Female Guilt

Another potential mechanism underlying the effects we observe is a sense of guilt among
financially included women. The utilization of financial instruments may induce feelings of
guilt in women for deviating from traditional gender identities. As a result, they may attempt
to compensate for this perceived transgression by rationalizing IPV and increasing their sexual

submission to their partners, thereby heightening their exposure to IPV.

We examine the female guilt channel by estimating the ATE of women's financial inclusion on
their likelihood of justifying physical IPV and justifying the wife's sexual submission to the
husband. A woman's justification of physical IPV takes a value of one if she agrees that her
husband is justified in beating his wife in at least one of the seven circumstances: she goes out
without telling him, neglects the house or the children, argues with him, refuses to have sex
with him, doesn't cook food properly, shows disrespect for her in-laws, and husband suspects
her of being unfaithful. Otherwise, the variable takes a value of zero. Meanwhile, women's
justification of sexual submission to the husband takes a value of one if she justifies that a wife
should have sex with her husband even if she knows he has a sexually transmitted disease or
he has sex with other women, or she is tired or not in the mood. Otherwise, the variable takes

a value of zero.

Figure 3 illustrates the impact of women's financial inclusion on female guilt. Our findings,
derived from the combined MTS-MIV assumptions, suggest that women's financial inclusion
increases the likelihood of women suffering from a sense of guilt for not conforming to their
traditional gendered identities. Specifically, under MTS and MIV1 (MIV2) assumption, the
bounds on the ATE reveal that women's financial inclusion increases the likelihood of women
justifying physical IPV by at least 6.8 p.p. (8.7 p.p.) and wife's sexual submission to the
husband by at least 1.9 p.p. (3.5 p.p.).

6.2.3. Instrumental Use of IPV

With increased financial inclusion, women are more likely to gain access to savings and credit
and, hence, more likely to participate in the labor market (Swamy, 2014; Yang et al., 2022; ).
However, according to the instrumental theories of violence (Anderberg & Rainer, 2013;

Eswaran & Malhotra, 2011), men may employ IPV as a strategic tool either to extract financial
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resources from their wives or to hinder their labor market participation. The latter, also
classified as economic abuse (Anderberg & Rainer, 2013), may stem from feelings of jealousy
or insecurity regarding the prospect of their wives interacting with other men in the workplace.
Consequently, if IPV serves these instrumental purposes, women's financial inclusion may
paradoxically increase IPV, as it enhances their access to financial resources and/or their

likelihood of labor market engagement.

We examine this potential channel of instrumental use of IPV by estimating the ATE of
women's financial inclusion on various indicators capturing husbands' marital controlling
behavior. These variables could potentially act as factors perpetuating IPV due to instrumental
reasons. These include the husband exerting full control over their wife's earnings, feeling
jealous if the wife talks with other men, accusing the wife of unfaithfulness, and insisting on
knowing the wife's whereabouts. Each of these variables is binary. A given variable takes a

value of one if the woman confirms the action related to the statement and zero otherwise.

The estimated bounds on the ATE of women's financial inclusion on husbands' controlling
behaviors that may exacerbate IPV due to instrumental reasons are depicted in Figure 4. Our
findings reveal that these bounds under the MTS-MIV1 and MTS-MIV2 assumptions are
positive for all the outcomes. However, the bounds on the ATE of financial inclusion for
husbands extracting wives' earnings are statistically insignificant. These findings suggest that
financial inclusion significantly increases husbands' feelings of jealousy, the likelihood of
accusing their wives of infidelity, and their tendency to monitor their wives' movements. These
controlling behaviors, likely to stem from jealousy and insecurity, may create barriers for their
wives to utilize these financial instruments and participate in the labor market. These results
suggest that women's financial inclusion may increase their exposure to IPV through changes
in husbands' likelihood of using IPV as a strategic tool to thwart their access to financial

resources or labor market opportunities.

7. Conclusion

This study examines the causal impact of women's financial inclusion on their exposure to IPV.
In theory, the effect could be either negative or positive. Compared to financially excluded
women, those with access to and control over financial instruments may have greater

intrahousehold bargaining power and a stronger ability to exit abusive relationships, thereby
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mitigating their risk of IPV. Conversely, financially included women may face a heightened
risk of IPV due to their deviation from patriarchal gender norms, the psychological burden of
female guilt (Dhanaraj & Mahambare, 2022), or their husband's strategic use of IPV as a means

to extract financial resources or undermine their labor market opportunities.

To examine the causal relationship between women's financial inclusion and their exposure to
IPV, we use the NFHS-5 data and employ a nonparametric bounds approach. Relying on fairly
weak and transparent assumptions to achieve causal identification, we find clear evidence that,
compared to financially excluded women, financially included women are significantly more
likely to face IPV. Further, we provide suggestive evidence that this result emerges because
financially included women are more likely to violate patriarchal gender beliefs, experience
female guilt, and face a higher likelihood of their husbands using IPV as a strategic tool to

undermine their labor market opportunities.

In societies like India, where divorce is stigmatized, and girls are psychologically conditioned
to adopt caregiving roles within the family, women's financial independence may increase their
risk of IPV (Bueno & Henderson, 2017; Dhanaraj & Mahambare, 2022; ). Under such cultural
constraints, financial autonomy may be less effective in enhancing women's bargaining power
(Kabeer, 2001). Instead, husbands may respond with a male backlash to reassert their
dominance and control over their wives. Moreover, financially included women may
experience a gender identity crisis, leading them to internalize feelings of female guilt and
attach shame to their pursuit of economic stability. Consequently, these women may be more
likely to justify IPV, further increasing their vulnerability to IPV.

Our results highlight the challenges policymakers face in patriarchal societies like India, where
increased access to financial instruments may inadvertently heighten women's risk of IPV.
However, our findings do not diminish the importance of welfare policies empowering women
through financial inclusion. Instead, they underscore the need for complementary interventions
that address non-economic factors leading to IPV, such as deeply entrenched gender norms,

societal beliefs, and the stigma associated with deviating from traditional gender roles.

Programs aiming at women's financial inclusion should also incorporate awareness campaigns
and community engagement initiatives to reshape gender norms. Working with men, especially
husbands, to foster more equitable household dynamics could effectively reduce male backlash.

Recent research suggests that policy measures targeting gender biases from an early age can
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be highly effective. Strategies such as engaging adolescent girls and boys in classroom
discussions on gender equality (Dhar et al., 2022), facilitating interactions with female role
models (Kipchumba et al., 2021), and leveraging entertainment television to shift social
perceptions (Banerjee et al., 2019) offer promising approaches to foster change in beliefs about

traditional gender roles.
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TABLES AND FIGURES

Table 1. Summary Statistics

35

Mean SD
Panel A: Main outcomes
Physical IPV 0.22 0.42
Sexual IPV 0.05 0.22
Emotional IPV 0.12 0.32
Any IPV 0.26 0.44
Panel B: Treatment variable
Financial Inclusion 0.85 0.36
Bank account ownership 0.80 0.40
Use mobile for financial transactions 0.10 0.31
Covered by health insurance 0.31 0.46
Panel C: Background characteristics
Age at marriage (in years) 33.86 8.37
Education (in years) 6.66 5.20
Age at marriage (in years) 18.48 3.92
Number of living children 2.23 1.38
Property ownership
No ownership 0.55 0.50
Joint ownership 0.30 0.46
Sole ownership 0.15 0.36
Wealth index
Poorest 0.19 0.40
Poor 0.21 0.41
Middle 0.21 0.41
Rich 0.21 0.40
Richest 0.18 0.38
Religion
Hindu 0.79 0.41
Muslim 0.16 0.37
Others 0.02 0.16
Don't know/Missing 0.02 0.15
Social Group
Upper Caste (UC) 0.21 0.40
Schedule Caste (SC) 0.21 0.41
Schedule Tribe (ST) 0.09 0.28
Other Backward Class (OBC) 0.42 0.49
Don't know/Missing 0.08 0.27
Place of residence
Urban 0.30 0.46



Rural 0.70 0.46

Region
North 0.08 0.26
West 0.22 0.41
Central 0.11 0.31
East 0.30 0.46
North-East 0.05 0.23
South 0.24 0.43
N 60480
Panel D: MIVs
Literacy rate 77.55 8.66
GSDP per capita (2011-12 const prices) 121148 66342
N 36

Notes: Financial Inclusion includes women who utilize their own bank accounts, use
mobile phones for financial transactions, or are covered by health insurance. Property
ownership takes the value of 1 if a woman reports to own a house or land jointly; it
takes the value of 2 if the woman reports to solely own a house or land; and takes 0
if she doesn't own any. The Northern region includes Jammu and Kashmir,
Uttarakhand, Himachal Pradesh, Punjab, Haryana, Chandigarh, Delhi, and Rajasthan.
The Western region includes Gujarat, Maharashtra, Goa, Daman and Diu, and Dadra
and Nagar Haveli. Central region includes Uttar Pradesh, Madhya Pradesh, and
Chhattisgarh. The Eastern region includes Bihar, Jharkhand, Odisha, and West
Bengal. The North-Eastern region includes Sikkim, Assam, Arunachal Pradesh,
Nagaland, Manipur, Mizoram, Tripura, and Meghalaya. Southern region includes
Karnataka, Andhra Pradesh, Telangana, Tamil Nadu, Kerala, Puducherry, Andaman
and Nicobar, and Lakshadweep.
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Figure 1: Bounds on ATE of women’s financial inclusion on IPV.
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Manski confidence intervals calculated using bootstrap method in parentheses. See text for further
details.

37



Figure 2: Bounds on ATE of women’s financial inclusion on traditional gender norm violation.
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Figure 3: Bounds on ATE of women’s financial inclusion on female guilt.
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Figure 4: Bounds on ATE of women’s financial inclusion on husbands’ instrumental use of

violence.
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Cl Bl Estimated Bounds

Husband accusses wife of unfaithfulness

I I I

1 1 1

ATE

1

1

1

-1.00-0.75-0.50-0.25 0.00 0.25

T T T T
No assumptions MTS MTS & MIV1  MTS & MIV2
[-0.802, 0.198] [-0.023, 0.198] [0.031, 0.148] [0.040, 0.145]
(-0.806, 0.201)(-0.029, 0.201) (0.015, 0.175) (0.034, 0.149)

Cl M) Estimated Bounds

ATE
-0.75-0.50-0.25 0.00 0.25 0.50

ATE
-0.50 -0.25 0.00 0.25

-0.75

Husband jealous if wife interacts with other men

1

I I

e
—
-

1

1

1

T T T T
No assumptions MTS MTS & MIV1  MTS & MIV2
[-0.688, 0.312] [-0.039, 0.312] [0.100, 0.219] [0.163, 0.229]
(-0.692, 0.316)(-0.048, 0.316) (0.082, 0.232) (0.144, 0.234)

Cl ] Estimated Bounds

Husband insists on knowing wife's whereabouts

|1

1

1

1

1

1

T T T T
No assumptions MTS MTS & MIV1  MTS & MIV2
[-0.728, 0.272] [-0.023, 0.272] [0.077, 0.216] [0.117, 0.203]
(-0.730, 0.275)(-0.033, 0.275) (0.065, 0.223) (0.100, 0.206)

Cl ] Estimated Bounds

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95% Imbens—
Manski confidence intervals calculated using bootstrap method in parentheses. See text for further

details.
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APPENDIX

1. Robustness Checks
We carry out the following series of checks to assess the robustness of our results.
1.1. Alternative Treatment Group

First, we redefine our treatment group by altering the criteria for a woman to be financially included.
Initially, for our baseline analysis, we identified a woman as financially included if a woman has at least
one of the following: a bank account that she uses, a mobile phone that she uses for financial
transactions, and is covered by health insurance. In this robustness check, we identify a woman as
financially included (= 1) if a woman has at least two of the financial instruments and financially
excluded (= 0) otherwise. Table A4 shows the updated results, which remain consistent with our main

findings, thus assuring the robustness of our initial conclusions.

1.2. Alternative Measures of IPV

Second, we use intensity-score-based measures of physical, sexual, and emotional IPV. Following
(Gonzalez & Rodriguez-Planas, 2020) and (Roychowdhury & Dhamija, 2022), we define intensity-
score-based IPV variables by summing binary variables for different acts of underlying violence a
woman may have experienced in the 12 months preceding the survey. However, we cannot use these
intensity-based non-binary IPV measures in our analysis as it requires binary outcome variables. Hence,
we classify each category of IPV (physical, sexual, and emotional) into three groups: no exposure to
IPV (intensity-score = 0), exposure to mild IPV (intensity-score = 1), and exposure to severe IPV
(intensity-score > 1). Based on this classification, we analyze how women’s financial inclusion affects

their exposure to mild IPV and severe IPV (see Table A5).

1.3. Misreporting of IPV

Third, we examine if our results are sensitive to misreporting of women’s experience Of
IPV. Specifically, misreporting of IPV exposure would be a concern if financially excluded women
underreport IPV due to fear of more violence for disclosing the true status of their IPV exposure. We

do the following exercise to evaluate the effect of such misreporting.

We assume that 5% of the financially excluded women (F = 0) underreport their IPV exposure; that is,
they report no incidence of IPV (Y = 0) despite actually being exposed to it (Y = 1). Since we cannot
directly identify these women who are misreporting, we randomly select 5% of financially excluded

women (F = 0) who have reported no IPV (Y = 0) in our analytical sample. We, then, change the
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responses of these women from not exposed (Y = 0) to exposed (Y = 1), and repeat this process 100
times to generate 100 simulated samples. For each simulated sample, we evaluate the impact of financial
inclusion on IPV exposure under the MTS-MIV1 and MTS-MIV2 assumptions. We then compare the
results based on these 100 samples with our initial results to determine how our results would have
changed if 5% of financially excluded women had underreported IPV episodes.

Figure A2 portrays the results of ATE of financial inclusion on women’s exposure to any IPV based on
the MTS-MIV1 and MTS-MIV2 assumptions. The lower (upper) bounds presented in the horizontal
(vertical) axis of each graph indicate that the bounds on the ATE for every simulated sample are strictly
positive. This finding confirms the robustness of our results, that even if 5% of women in the control
group (financially excluded) were to underreport IPV, our results would remain qualitatively the same.

1.4. Alternate Number of MIV Cells

In this robustness check, we split our sample into a number of MIV cells different from our baseline
analysis. In the nonparametric bounds literature, some studies, such as (Millimet & Roy, 2015a, 2015b)
choose to split it into 4-5 MIV cells, whereas (Kreider et al., 2012) split the sample into 20 MIV cells.
This is because there is no strict guideline on the ideal number of MIV cells and the only requirement
is to ensure that each cell contains a sufficient number of observations in both the treatment and control

groups.

Therefore, our decision to divide the sample into 5 MIV cells should not pose any threats. However, to
examine the robustness of our findings, we re-estimate our baseline analysis splitting the sample into
fewer (3) as well as higher (10) number of MIV cells. The results, presented in Table A6, remain
qualitatively similar to our baseline results, with the bounds on the ATE remaining strictly positive and

statistically significant.

1.5. Using Sampling Weights

The NFHS employs a complex survey design mechanism for the collection of data. Therefore, we re-
estimate our main results after including survey weights. The findings reported in Table A7, suggest
that the bounds on ATE estimated using the sampling weights closely align with our baseline
results. This confirms that the inclusion or exclusion of sampling weights does not alter the qualitative

or quantitative interpretation of our results.
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1.6. Placebo Test

In addition to these checks, we carry out a placebo test to check if we capture some confounding effects.
Specifically, we estimate the ATE of women’s month of survey on their exposure to IPV. Women’s
month of survey should not have any effect on women’s IPV exposure, and therefore, the ATE should
be zero. We convert women’s month of survey into a binary variable (=1 if the month of the survey is

an odd number and 0 if it is an even number) and use it as our treatment variable.

We invoke the exogenous selection assumption to estimate the ATE of our newly constructed treatment
variable (women’s month of the survey) on IPV. This assumption is relevant in this case because there
iS no reason why women in the treatment group (women surveyed in odd months) would be more or
less likely to experience IPV than women in the control group (women surveyed in even months). As

expected, the ATE of women’s month of survey on their exposure to IPV is zero (Table A8).

2. Heterogeneity Analysis

In this section, we explore how the impact of women's financial inclusion on IPV varies across different
subsamples. We conduct heterogeneity analysis by cutting our main analytical sample based on

different demographic, economic, and social factors. Specifically, we run the heterogeneity tests by:

1) Women’s age

2) Education level

3) Type of marriage

4) Labor force Participation
5) Decision-making power
6) Physical Mobility

7) Household wealth

8) Religion

9) Social group

10) Area of residence

11) Region

A detailed description of the construction of different subsamples is available in Table A9. Tables A10-
A20 present the results from the heterogeneity analysis. The findings indicate that across most
subpopulations, the ATEs of women’s financial inclusion on [PV are strictly positive and almost always
statistically significant. This reflects that particular demographic or socioeconomic subgroups in Indian
society do not drive our main results. Women who are financially included face higher risks of IPV than

financially excluded women ubiquitously, regardless of their age, levels of education, employment
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status, decision-making, physical mobility, economic background, religion, social group, place, or

region of residence.
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APPENDIX TABLES AND FIGURES

Table Al. Violences underlying each 1PV

Type of IPV Underlying Violence
Acts of pushing, shaking, throwing something, twisting arm, pulling hair,
Physical IPV slapping, punching with fist or something else, kicking, beating, choking, burning,
threatening or attacking with any kind of weapon by partner
Sexual IPV Forced sexual acts or humiliating sexual acts forced by partner
Emotional IPV Partner’s activities leading to humiliation, insult, or various kinds of threats to

hurt wife or her closed ones
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Table A2. Summary Statistics, Treatment and Control Group

Financially Included Financially Excluded Difference
Mean Mean Mean SD
Panel A: Main outcomes
Physical IPV 0.22 0.22 -0.00 (0.01)
Sexual IPV 0.05 0.05 -0.00 (0.00)
Emotional IPV 0.12 0.12 -0.00 (0.01)
Any IPV 0.26 0.26 0.00 (0.01)
Panel B: Background characteristics
Age at marriage (in years) 34.17 32.17 2.00***  (0.22)
Education (in years) 6.84 5.67 1.18***  (0.11)
Age at marriage (in years) 18.55 18.13 0.41***  (0.08)
Number of living children 2.24 217 0.06** (0.03)
Property ownership
No 0.53 0.63 -0.10***  (0.01)
Joint ownership 0.31 0.28 0.02** (0.01)
Sole ownership 0.16 0.09 0.07***  (0.01)
Wealth index
Poorest 0.18 0.25 -0.07***  (0.01)
Poor 0.21 0.23 -0.02**  (0.01)
Middle 0.21 0.19 0.02**  (0.01)
Rich 0.21 0.20 0.01 (0.01)
Richest 0.19 0.13 0.06***  (0.01)
Religion 0.04***  (0.01)
Hindu 0.80 0.75
Muslim 0.16 0.20 -0.04***  (0.01)
Others 0.03 0.02 0.01***  (0.00)
Don't know/Missing 0.02 0.03 -0.01 (0.02)
Social Group
Upper Caste (UC) 0.20 0.22 -0.02 (0.01)
Schedule Caste (SC) 0.21 0.21 0.00 (0.01)
Schedule Tribe (ST) 0.08 0.10 -0.02***  (0.01)
Other Backward Class (OBC) 0.43 0.37 0.06***  (0.01)
Don't know/Missing 0.07 0.10 -0.02***  (0.01)
Place of residence
Urban 0.31 0.29 0.02 (0.01)
Rural 0.69 0.71 -0.02 (0.02)
Region
North 0.08 0.06 0.02***  (0.00)
West 0.19 0.34 -0.15***  (0.01)
Central 0.11 0.12 -0.02***  (0.00)
East 0.30 0.33 -0.04***  (0.01)
North-East 0.06 0.04 0.02***  (0.00)
South 0.26 0.11 0.16***  (0.01)
N 52061 8419

Notes: Property ownership takes the value of 1 if a woman reports to own a house or land jointly; it takes the value of 2 if the
woman reports to solely own a house or land; and takes 0 if she doesn't own any. The Northern region includes Jammu and
Kashmir, Uttarakhand, Himachal Pradesh, Punjab, Haryana, Chandigarh, Delhi, and Rajasthan. The western region includes
Gujarat, Maharashtra, Goa, Daman and Diu, and Dadra and Nagar Haveli. Central region includes Uttar Pradesh, Madhya
Pradesh, and Chhattisgarh. The Eastern region includes Bihar, Jharkhand, Odisha, and West Bengal. North-Eastern region
includes Sikkim, Assam, Arunachal Pradesh, Nagaland, Manipur, Mizoram, Tripura and Meghalaya. Southern region includes

Karnataka, Andhra Pradesh, Telangana, Tamil Nadu, Kerala, Puducherry, Andaman and Nicobar, and Lakshadweep.
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Table A3. Summary Statistics, Mechanisms

N Mean SD

Panel A: Violation of Norms about Gender Roles

Decisions on purchase of large household goods 46,488 0.18 0.38

Decisions on visiting relatives/family 46,488 0.17 0.37

Decisions on spending of wife's earnings 13,490 0.13 0.34
Panel B: Female Guilt

Woman justifying physical IPV by husbands 60,089 0.49 0.50

Woman justifying wife's sexual submission 59,849 0.20 0.40
Panel C: Instrumental Use of Violence

Husbands exerting full control over wife's earnings 16,929 0.15 0.36

Husbands feeling jealous if wife talks with other men 60,275 0.26 0.44

Husbands accusing wife of unfaithfulness 60,382 0.10 0.30

Husbands insisting on knowing wife's whereabouts 60,389 0.19 0.39

Notes: See text for definition of the variables of interest.
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Table A4. Robustness Check, Alternative Treatment Group

Physical IPV Sexual IPV Emotional IPV Any IPV
1) (2 3) (4)
MTS & MIV1 [0.046, 0.250] [0.008, 0.217] [0.014, 0.222] [0.046, 0.259]
(0.033, 0.257) (0.004, 0.226) (0.009, 0.227) (0.038, 0.268)
MTS & MIV2 [0.011, 0.226] [0.001, 0.203] [-0.003, 0.210] [0.009, 0.232]

(0.003, 0.236)  (-0.003, 0.210)  (-0.009, 0.216)

(0.002, 0.238)

Notes: The treatment group includes women who have at least two of the following: a bank
account that they use, a mobile phone that they use for financial transactions, and are covered
by health insurance. Point estimates of LB and UB around the unknown parameter ¥ in brackets;
95% Imbens-Manski confidence intervals calculated using bootstrap method in parentheses. See

text for further details.
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Table A5. Robustness Check, Alternative Measures of 1PV

Physical IPV Sexual IPV Emotional IPV

Mild Severe Mild Severe Mild Severe

Q) (2) (©) (4) (©) (6)

MTS&MIV1  [0.058, 0.189] [0.070, 0.194] [0.012, 0.125] [0.009, 0.121] [0.010, 0.142] [0.020, 0.125]
(0.047, 0.192)  (0.057, 0.197)  (0.006, 0.130) (0.003, 0.124) (-0.001, 0.148) (0.012, 0.139)
MTS&MIV2  [0.070, 0.169] [0.099, 0.164] [0.004, 0.124] [0.013, 0.120] [0.008, 0.142] [0.021, 0.132]
(0.053, 0.175)  (0.085, 0.171)  (-0.001, 0.127) (0.010, 0.122) (-0.001, 0.144) (0.011, 0.136)

Notes: Mild IPV indicates exposure to one type of underlying violence. Severe IPV indicates exposure to more than one type of
underlying violence. Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95% Imbens-Manski confidence
intervals calculated using bootstrap method in parentheses. See text for further details.
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Table A6. Robustness Check, Alternate Number of MIV Cells

Physical IPV Sexual IPV Emotional IPV Any IPV
1) ) (©) (4)
Panel A: MIV Cells = 3
MTS & MIV1 [0.097, 0.255] [0.012, 0.166] [0.021, 0.204] [ 0.090, 0.278]
(0.085, 0.259) (0.007, 0.170) (0.012, 0.208)  (0.081, 0.285)
MTS & MIV2 [0.113, 0.221] [0.009, 0.144] [0.015, 0.177] [0.105, 0.247]

(0.101, 0.224) (0.003, 0.145)  (0.007, 0.181)  ( 0.089, 0.251)

Panel B: MIV Cells =10

MTS & MIV1 [0.145, 0.165] [0.024, 0.125] [0.042, 0.141]  [0.139, 0.184]
(0.119, 0.172)  (0.019, 0.131) (0.028, 0.148)  (0.120, 0.192)
MTS & MIV2 [0.151, 0.204] [0.025, 0.083] [0.029, 0.148] [0.143, 0.227]

(0.137, 0.214)  (0.011, 0.088) (0.017, 0.153)  (0.124, 0.234)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95% Imbens-
Manski confidence intervals calculated using bootstrap method in parentheses. See text for further
details.
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Table A7. Robustness Check, Using Sampling Weights

Physical IPV Sexual IPV Emotional IPV Any IPV

(1) ) 3) 4)

MTS&MIVL [0.152, 0.124] [0.027, 0.124]  [0.047, 0.155]  [0.166, 0.150]
(0.120, 0.139)  (0.017, 0.135)  (0.007, 0.167)  (0.135, 0.232)
MTS & MIV2  [0.107, 0.215]  [0.043, 0.100]  [0.037, 0.157]  [0.111, 0.241]
(0.056, 0.229)  (0.025, 0.111)  (0.015, 0.175)  (0.091, 0.291)

Notes: Domestic Violence sampling weights provided in the NFHS are used. Point estimates
of LB and UB around the unknown parameter ¥ in brackets; 95% Imbens-Manski confidence
intervals calculated using bootstrap method in parentheses. See text for further details.
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Table A8. Placebo Test: ATE of Women's Month of Survey

Physical IPV Sexual IPV Emotional IPV Any IPV
1) ) ®) (4)
Exogenous
Selection [-0.005, -0.005] [-0.001,-0.001] [0.003, 0.003] [-0.003,-0.003]

(-0.012, 0.003) (-0.004, 0.002)  (-0.001, 0.007) (-0.006, -0.001)

Notes: Treatment variable is binary and takes a value one if woman was surveyed in the odd
month, i.e. January, March, May, July, September, or November, and zero if otherwise. Point
estimates of LB and UB around the unknown parameter ¥ in brackets; 95% Imbens-Manski
confidence intervals calculated using bootstrap method in parentheses. See text for further
details.
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Table A9. Details of subsamples

Characteristic

Description

Age

Education

Type of marriage

Labor market participation

Decision making power

Physical mobility

Household wealth

Religion

Social Group

Area of Residence

Region

Young (=1) if woman is aged 18 to 33; Old (=0) if women is aged 34 to 49

Low (=1) if woman has 0 to 7 years of education; More (=0) if woman has
more than 7 years of education

Educationally hypergamous (=1) if woman's years of education are less than
her husbands's educational years; Educationally non-hypergamous (=0) if
woman's years of education equals or is more than that of her husband

Yes (=1) if woman has worked in the last 12 months; No (=0) otherwise

Yes (=1) if woman has some decision making power related to her healthcare,
large household purchases, visit to family/friends, husband's earnings; No
(=0) otherwise

Yes (=1) if woman has the freedom to go to the market, health facility or
village alone; No (=0) otherwise

Poor (=1) if woman comes from poorest and poorer households; Non-poor
(=0) if woman comes from middle class, richer, and richest households

Hindu women (=1); and Others (=0) including women belonging to Muslim,
Christian, Sikh, Jain and other religions

Women belonging to SC/ST/OBC backgrounds (=1); and UC (=0) including
women belonging to Other Castes

Rural (=1); and Urban (=0) Women

Women from North/West/Central regions (=1); Women from East/North-
East/South regions (=0)
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Table A10. Subsample Analysis, ATE of Financial Inclusion on IPV by women's age.

Physical IPV Sexual IPV Emotional IPV Any IPV

1) @) Q) (4)

Panel A: Young

MTS & MIV1 [0.070, 0.262]  [0.015, 0.168] [ 0.018, 0.195] [ 0.065, 0.281]
(0.056, 0.274)  (0.005, 0.187)  (0.000, 0.220)  (0.052, 0.289)

MTS & MIV2 [0.125, 0.205]  [0.017, 0.135] [ 0.028, 0.158] [ 0.123, 0.226]
(0.103, 0.211)  (0.008, 0.140)  (0.017, 0.165)  (0.109, 0.234)

Panel B: Old

MTS & MIV1 [0.131, 0.236]  [0.022, 0.123]  [0.022, 0.166]  [0.114, 0.260]
(0.114, 0.244)  (0.013, 0.130)  (0.012, 0.179)  (0.095, 0.271)

MTS & MIV2 [0.142, 0.208]  [0.016, 0.107] [ 0.033, 0.143] [ 0.130, 0.234]
(0.114, 0.219)  (0.003, 0.120)  (0.013, 0.156)  (0.099, 0.242)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95% Imbens-
Manski confidence intervals calculated using bootstrap method in parentheses. See text for further
details.
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Table All. Subsample Analysis, ATE of Financial Inclusion on IPV by women's

education.
Physical IPV Sexual IPV Emotional IPV Any IPV
1) ) ®) (4)
Panel A: Low
MTS & MIV1l [0.124, 0.324] [0.017, 0.200] [ 0.030, 0.242] [0.112, 0.350]
(0.091, 0.330) (0.010, 0.204) (0.012, 0.249) (0.089, 0.360)
MTS & MIV2  [0.159, 0.261] [0.015, 0.172] [ 0.035, 0.203] [ 0.143, 0.285]
(0.130, 0.269)  (0.002, 0.194) (0.017, 0.219) (0.120, 0.296)
Panel B: High
MTS & MIv1l [0.070, 0.202] [0.016, 0.127] [ 0.016, 0.160] [ 0.066, 0.223]
(0.059, 0.210)  (0.011, 0.133) (0.003, 0.165) (0.050, 0.233)
MTS & MIV2 [0.104, 0.179] [0.027, 0.108] [ 0.013, 0.135] [ 0.100, 0.202]
(0.089, 0.185)  (0.019, 0.114) (0.004, 0.141) (0.076, 0.212)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95%
Imbens-Manski confidence intervals calculated using bootstrap method in parentheses. See
text for further details.
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Table A12. Subsample Analysis, ATE of Financial Inclusion on IPV by type of marriage

Physical IPV Sexual IPV Emotional IPV Any IPV

1) @) ©)] (4)

Panel A: Educationally Hypergamous Marriage

MTS & MIV1  [0.079, 0.272]  [0.002, 0.164] [0.016, 0.203]  [0.064, 0.294]
(0.065, 0.285)  (-0.006, 0.175)  (-0.002, 0.217)  ( 0.046, 0.306)

MTS & MIV2  [0.125, 0.212]  [0.015, 0.129]  [0.028, 0.161]  [0.117, 0.235]
(0.105, 0.222)  (0.002, 0.135)  (0.011, 0.172)  (0.093, 0.244)

Panel B: Educationally Non-Hypergamous Marriage

MTS & MIV1  [0.113, 0.241]  [0.024, 0.149]  [0.024, 0.190]  [0.102, 0.259]
(0.094, 0.260)  (0.011, 0.155)  (0.008, 0.200) (0.087, 0.273)

MTS & MIV2  [0.134, 0.200]  [0.019, 0.122]  [0.011, 0.152]  [0.127, 0.221]
(0.118, 0.210)  (0.009, 0.128)  (-0.005, 0.159)  (0.102, 0.237)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95%
Imbens-Manski confidence intervals calculated using bootstrap method in parentheses. See text
for further details.
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Table A13. Subsample Analysis, ATE of Financial Inclusion on IPV by women's labor
force participation.

Physical IPV Sexual IPV Emotional IPV Any IPV
@) 03] ®3) @)
Panel B: Employed
MTS & MIV1 [0.122, 0.267] [0.035, 0.130] [0.048, 0.190] [0.099, 0.300]
(0.102, 0.282) (0.024, 0.133) (0.022, 0.197) (0.074, 0.313)
MTS & MIV2 [0.123, 0.231] [0.022, 0.118] [0.014, 0.166] [0.099, 0.261]

(0.100, 0.242) (0.008, 0.123) (0.000, 0.172)  (0.067, 0.270)

Panel A: Not Employed

MTS & MIV1 [0.083, 0.225] [0.014, 0.163] [0.003, 0.183] [0.072, 0.241]
(0.066, 0.247) (0.009, 0.171) (-0.007, 0.193) (0.056, 0.265)
MTS & MIV2 [0.138, 0.208] [0.023, 0.153] [0.029, 0.173] [0.140, 0.226]

(0.123, 0.230) (0.015, 0.171) (0.012, 0.193) (0.121, 0.240)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95%
Imbens-Manski confidence intervals calculated using bootstrap method in parentheses. See text
for further details.
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Table Al4. Subsample Analysis, ATE of Financial Inclusion on IPV by women's
decision-making power.

Panel B: Yes
MTS & MIV1

MTS & MIV2

Panel A: No

MTS & MIV1

MTS & MIV?2

Physical IPV Sexual IPV Emotional IPV Any IPV
1) ) ®) (4)
[0.114, 0.238] [0.021, 0.133] [ 0.025, 0.168] [ 0.109, 0.259]
(0.097, 0.248) (0.013, 0.138) (0.012, 0.178) (0.098, 0.267)
[ 0.140, 0.208] [0.015, 0.128] [ 0.025, 0.156] [ 0.129, 0.233]
(0.124, 0.214) (0.007, 0.132) (0.015, 0.159) (0.105, 0.239)
[0.006, 0.369] [0.037, 0.261] [ 0.038, 0.315] [ 0.027, 0.396]
(-0.029, 0.378)  (0.015, 0.270) (-0.001, 0.331) (-0.023, 0.408)
[0.127, 0.257] [0.033, 0.188] [ 0.044, 0.227] [0.121, 0.280]
(0.076, 0.276) (0.010, 0.206) (0.011, 0.247) (0.068, 0.297)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95%
Imbens-Manski confidence intervals calculated using bootstrap method in parentheses. See
text for further details.

58



Table A15. Subsample Analysis, ATE of Financial Inclusion on IPV by mobility.

Panel B: Yes
MTS & MIV1

MTS & MIV2

Panel A: No

MTS & MIV1

MTS & MIV2

Physical IPV

Sexual IPV

Emotional IPV

Any IPV

Q)

@)

©)]

(4)

[0.139, 0.231]
(0.123, 0.238)
[ 0.156, 0.205]
(0.138, 0.212)

[0.051, 0.275]
(0.028, 0.283)
[0.111, 0.235]
(0.084, 0.244)

[0.021, 0.122]
(0.012, 0.124)
[ 0.026, 0.114]
(0.017, 0.119)

[ 0.015, 0.193]
(-0.001, 0.201)
[0.002, 0.178]
(-0.013, 0.185)

[0.029, 0.161]
(0.013, 0.166)
[ 0.025, 0.149]
(0.011, 0.153)

[0.015, 0.211]
(-0.001, 0.222)
[0.016, 0.197]
(-0.000, 0.207)

[0.130, 0.257]
(0.111, 0.265)
[0.162, 0.229]
(0.136, 0.237)

[0.037, 0.291]
(0.013, 0.307)
[0.107, 0.255]
(0.069, 0.268)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95%
Imbens-Manski confidence intervals calculated using bootstrap method in parentheses. See
text for further details.
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Table A16. Subsample Analysis, ATE of Financial Inclusion on IPV by wealth.

Physical 1PV Sexual IPV Emotional IPV Any IPV
) 2 (©) (4)
Panel A: Poor
MTS & MIV1 [0.123, 0.306] [ 0.023, 0.188] [ 0.027, 0.224] [ 0.114, 0.335]
(0.106, 0.314) (0.016, 0.194) (0.009, 0.232) (0.085, 0.342)
MTS & MIV2 [0.173, 0.261] [0.013, 0.157] [0.038, 0.181] [ 0.155, 0.285]

(0.160, 0.270) (-0.004, 0.170) (0.024, 0.195) (0.133, 0.306)

Panel B: Non-Poor

MTS & MIV1 [ 0.097, 0.229] [0.012, 0.132] [0.032, 0.170] [ 0.096, 0.250]
(0.088, 0.239) (0.006, 0.135) (0.017, 0.176) (0.079, 0.258)
MTS & MIV2 [0.124, 0.181] [ 0.009, 0.102] [0.028, 0.145] [ 0.126, 0.205]

(0.110, 0.191) (0.001, 0.106) (0.016, 0.151) (0.102, 0.210)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95% Imbens-Manski
confidence intervals calculated using bootstrap method in parentheses. Women in the poorest and poor
background are classified as poor whereas women in the richest, rich, and middle class background are
classified as non-poor. See text for further details.
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Table Al7. Subsample Analysis, ATE of Financial Inclusion on IPV by religion.

Physical IPV Sexual IPV Emotional IPV Any IPV

1) @) Q) (4)

Panel A: Hindu

MTS&MIV1  [0.083, 0.233] [0.013, 0.123] [0.033, 0.146] [0.080, 0.251]
(0.069, 0.241) (0.009, 0.130) (0.018, 0.153) (0.068, 0.256)

MTS & MIV2 ~ [0.129, 0.211] [0.023, 0.117] [0.045, 0.146] [0.124, 0.233]
(0.108, 0.218) (0.014, 0.122) (0.025, 0.153) (0.096, 0.243)

Panel B: Others

MTS & MIV1  [0.091, 0.224] [0.029, 0.167] [0.020, 0.201] [0.079, 0.243]
(0.071, 0.242) (0.009, 0.180) (-0.009, 0.217) (0.039, 0.259)

MTS & MIV2  [0.138, 0.168] [0.013, 0.137] [0.001, 0.166] [0.142, 0.179]
(0.116, 0.200) (-0.001, 0.153) (-0.034, 0.195) (0.096, 0.221)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95%
Imbens-Manski confidence intervals calculated using bootstrap method in parentheses. See
text for further details.
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Table A18. Subsample Analysis, ATE of Financial Inclusion on IPV by caste.

Physical IPV Sexual IPV Emotional IPV Any IPV
@) (2) 3) 4)
Panel B: SC/ST/OBC
MTS & MIV1 [0.123, 0.265] [0.028, 0.154] [0.023, 0.189] [0.114, 0.285]
(0.100, 0.293)  (0.020, 0.159)  (0.009, 0.217)  (0.087, 0.294)
MTS & MIV2 [0.147, 0.223] [0.023, 0.133] [0.030, 0.162] [0.130, 0.245]

(0.132, 0.230) (0.017, 0.138)  (0.022, 0.165) (0.114, 0.252)

Panel A: Upper Castes

MTS & MIV1 [0.027, 0.152] [-0.003, 0.140] [0.010, 0.163] [0.035, 0.169]
(0.001, 0.169) (-0.017, 0.148)  (-0.008, 0.176)  (-0.001, 0.193)
MTS & MIV2 [0.090, 0.174] [0.005, 0.125] [-0.007, 0.156] [0.084, 0.194]

(0.068, 0.192) (-0.004, 0.132)  (-0.017, 0.163)  (0.056, 0.209)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95% Imbens-
Manski confidence intervals calculated using bootstrap method in parentheses. See text for further
details.
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Table A19. Subsample Analysis, ATE of Financial Inclusion on IPV by place of residence.

Physical IPV Sexual IPV Emotional IPV Any IPV

1) @) Q) (4)

Panel A: Rural

MTS & MIV1 [0.097, 0.255]  [0.029, 0.153] [0.014, 0.187]  [0.090, 0.277]
(0.070, 0.270)  (0.019, 0.158)  (0.002, 0.192)  (0.080, 0.299)

MTS & MIV2 [0.141, 0.211]  [0.019, 0.131] [0.029, 0.156]  [0.133, 0.235]
(0.121, 0.217)  (0.011, 0.137) (0.016, 0.164)  (0.124, 0.244)

Panel B: Urban

MTS & MIV1 [0.060, 0.201]  [0.019, 0.158] [0.024, 0.190]  [0.043, 0.227]
(0.036, 0.214)  (0.007, 0.165) (0.004, 0.201)  (0.016, 0.244)

MTS & MIV2 [0.111, 0.210]  [0.007, 0.118] [0.027, 0.179]  [0.107, 0.236]
(0.090, 0.218)  (-0.006, 0.130)  (0.005, 0.192)  ( 0.085, 0.250)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95% Imbens-
Manski confidence intervals calculated using bootstrap method in parentheses. See text for further
details.
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Table A20. Subsample Analysis, ATE of Financial Inclusion on IPV by region.

Physical IPV Sexual IPV Emotional IPV Any IPV

Q) @) ©)] (4)

Panel A: North/West/Central

MTS & MIV1  [0.093, 0.227] [ 0.007, 0.171] [0.025, 0.189]  [0.086, 0.247]
(0.076, 0.238) (-0.004, 0.179) (0.013, 0.196)  (0.065, 0.253)

MTS & MIV2  [0.124, 0.192] [ 0.018, 0.138] [0.029, 0.157]  [0.116, 0.210]
(0.111, 0.199) (0.008, 0.144) (0.014, 0.163)  (0.079, 0.219)

Panel B: East/North-East/South

MTS & MIV1  [0.177, 0.198] [ 0.055, 0.096] [0.073, 0.133]  [0.169, 0.224]
(0.142, 0.204) (0.044, 0.100) (0.049, 0.140)  (0.124, 0.231)

MTS & MIV2  [0.135, 0.238] [ 0.024, 0.075] [0.020, 0.148]  [0.118, 0.262]
(0.115, 0.245) (0.010, 0.080) (0.008, 0.158)  (0.098, 0.267)

Notes: Point estimates of LB and UB around the unknown parameter ¥ in brackets; 95% Imbens-
Manski confidence intervals calculated using bootstrap method in parentheses. See text for further
details.
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Figure Al: Schematic representation of the women included in the analytical sample.

Total number of surveyed women:

724115

Women not selected for the domestic
violence module:
649434

Women selected for domestic violence:

74681

Women excluded due to unavailability of

privacy:
2361

Women interviewed for the domestic violence module:
72320

Women excluded for not being currently
married:
11840

Final analytical sample with currently married women:
60480
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Figure A2: Assessing the impact of underreporting of IPV by financially excluded women.
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Notes: A simulated sample is constructed by randomly selecting 5% of financially excluded women

who have reported not being exposed to IPV (outcome=0) and changing their responses to have been
exposed to IPV (i.e., their outcome variable takes a value one).
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